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Prediction of the Next Stock Price using Neural Network
—extraction the feature to predict next stock price by filtering —
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Abstract - Adding the dimension of time to databases produces time series databases (TSDB) and introduces new aspects
and difficulties for data mining, knowledge discovery and prediction of sample points. In this paper, we introduce the method
for the prediction of the next sample point with multi-layer neural network in TSDB. Predicting the next sample point in TSDB
includes cleaning and filtering the time series data, identifying the most important predicting attributes, and extracting a set of
association rules that can be used to predict the time series behavior in the future. Our method is based on signal processing
techniques, and TSDB for the closing price of a stock are used as an example.
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